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CompuCell3D for ABM simulation
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Spheroid parameter estimation
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* The cancer cells grow into clusters forming
different phenotypes with unique properties
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» predicts mean and uncertainty

> f(x) ~ GP(mx), k(x,x")

> f(x): invasion WRMSE being modeled
» m(x): prior mean function

» k(x,x"): RBF kernel

 Expected improvement (El)

Benson et al., BioRxiv, 2024

* Network phenotype: branch-like shape, highly
Invasive in nature

« Spheroid phenotype: spherical in shape, less
Invasive in nature

Evaluated for optimal candidate solution
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